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GOAL

— Compare European weather based sub-models for estimation of risk of
potato late blight

— Four research questions:

Is there a seasonal effect of Blight risk?

Is the Blight risk different between regions?

Is the Blight risk different between years?

> w N oe

Is the estimation of Blight risk different between models?

Foto: Vinh Hong Le
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QUALITY CONTROL OF WEATHER DATA
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Input data Model implementation Output data
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OUTPUT DATA

— All models were ran simultaneously with the
quality controlled weather data
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Dronninglund 2015

BLIGHT RISK ESTIMATION
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BLIGHT RISK ESTIMATION
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BLIGHT RISK ESTIMATION

Blight Risk Estimations were summed by month for each region, year and
model, and normalized.

5 months X 12 region X 4 year X 6 models

ANOVA and post hoc Tukey’s HSD test

Yijki = 4 + month; + region; + yeary, + model; + &y
Yijk = u+ month; + region; + yeary + & i

oto: Vinh Hong Le
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SEASONAL EFFECT OF BLIGHT RISK
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Increased estimated Blight Risk through the season
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SEASONAL EFFECT OF BLIGHT RISK
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YEARLY BLIGHT RISK DIFFERENCES
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YEARLY BLIGHT RISK DIFFERENCES  wean air temperature (-c)
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YEARLY BLIGHT RISK DIFFERENCES
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YEARLY BLIGHT RISK DIFFERENCES
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REGIONAL BLIGHT RISK DIFFERENCES
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REGIONAL DIFFERENC
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REGIONAL/YEARLY DIFFERENCES IN BLIGHT RISK
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REGIONAL/SEASONAL DIFFERENCES IN BLIGHT RISK
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CONCLUSIONS

1. Isthere a seasonal effect of Blight risk?

Increased estimated Blight Risk through the season
2. Is the Blight risk different between regions?

Generally lower and later estimated Blight Risk north

3. Is the Blight risk different between years?

Estimated Blight Risk differ between years
4. Is the estimation of Blight risk different between models?

Estimated Blight Risk differ between models,
but the models generally agrees in estimated high and low risk periods

Foto: Vinh Hong Le




CONCLUSIONS

— Blight risk differ between years and regions, and decision support systems
provides valuable information about the risk levels through the season

— A more robust estimate of Blight Risk can be achieved by using several
models simultaneously

— Model validation including biological observations must be performed in
order to compare the accuracy of the different models

Foto: Vinh Hong Le







